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Problem

FedNLP is prohibitively slow due to the large model sizes and the

resultant high network/computation cost.
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Key block
Towards practical FedNLP, we identify as the key building blocks

adapters, small bottleneck modules inserted at a variety of model
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Workflow

To automate adapter configuration, we propose FedAdapter, a

framework that enhances the existing FedNLP with progressive

training and sideline trial.
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FedAdapter can reduce FedNLP's model convergence delay to

no more than several hours.

Datasets 20NEWS AGNEWS SEMEVAL ONTONOTES
Relative Accuracy | 99% 95% 90% | 99% 95% 90% | 99% 95% 90% | 99% 95% 90%
FT 440 234 13.1 |31.1 10.1 5.2 | 1243 899 61.7 | 761 559 356
FTQ 127 68 38 | 91 26 1.7 | 320 231 159|212 155 99
LF o acle 185 81 43 | 96 14 1.1 | 740 468 332|825 438 245
LFQ,racle 52 25 11| 16 03 02 | 168 11.0 7.7 239 129 7.2
AdaFL 1.3 04 0102 003 002| 23 11 06 | 45 24 1.3
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